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Abstract 

Can receiving lump-sum income be beneficial to low-income households even if they 

demonstrate non-smooth consumption? We find that households participating in the main U.S. 

Federal food assistance program, who receive benefits once per month and who have been 

documented to consume less towards the end of their benefit month, buy food at cheaper prices 

soon after receipt of their benefits. Two approaches confirm that lump-sum benefit receipt 

enables this price savings. First, price-saving shopping activities that require a degree of lumpy 

spending (e.g., cherry picking, stock piling, or volume discounts) can fully explain within-

benefit-month price differences. Second, food purchased at the beginning of the benefit month 

increases in price in subsequent weeks at stores of purchase on average, while food purchased at 

the end of benefit month decreases or does not change in price in subsequent weeks. We confirm 

that stores do not systematically change overall prices depending on timing of benefits, implying 

that households have greater agency to obtain food at temporarily lower prices when they have a 

larger amount of benefits on hand. Policies to split benefits into smaller more-frequent payments 

may help with consumption smoothing, but they may risk weakening household purchasing 

power.    
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1 Introduction 

 Past research has shown many instances of low-income households not smoothing 

consumption between monthly pay receipts. For example, Wilde and Ranney (1998), Shapiro 

(2005), and Todd (2015) have found that households receiving monthly food assistance benefits 

consume less food towards the end of their benefit month. Stephens (2003) finds similar patterns 

among Social Security recipients. Huffman and Barenstein (2005) and Stephens (2006) find 

similar patterns among U.K. households who receive monthly income checks. In light of these 

observations, some researchers and policy makers have suggested splitting monthly payments 

into smaller more frequent payments to enable households to better smooth their consumption 

throughout the month (see Shapiro, 2005; Senate Fiscal Agency, 2008; Parsons and Van Wesep, 

2013). This recommendation is based on the conjecture that households are either present-biased 

and lack self-control to smooth consumption or have trouble budgeting consumption over longer 

periods of time.  

 However, many advocates, specifically in the food assistance setting, push back on 

policies that would split up lump-sum payments, claiming they will make it harder for 

households to buy in bulk, increase transportation costs for households who lack easy access to 

stores, or simply shift when low consumption occurs in the month since income and benefit 

resources are altogether insufficient to allow for smooth consumption (FNS/USDA, 2016). The 

few surveys on the topic document that households generally prefer monthly pay over more 

frequent pay. For example, Michigan Department of Human Services (DHS) surveyed 1,037 

Food Stamp recipients at local DHS offices in March of 2008 and found that 59% preferred to 

receive benefits once per month rather than twice per month (Eggert, 2008). Of the 31 Food 

Stamp recipients surveyed in Gorczycki (2014), only 6.4% thought a twice per month benefit 
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issuance would have a positive effect on themselves while 35.5% predicted it would have a 

negative effect. Casaburi and Macchiavello (2019) report that 80% or more of surveyed Kenyan 

dairy farmers, Kenyan tea growers, and Myanmarese line supervisors in garment factories 

preferred monthly pay to biweekly, weekly or daily pay. And, most convincingly, in an 

experiment, Casaburi and Macchiavello (2019) find that Kenyan dairy farmers are willing to 

accept lower prices for their goods if they received payments on a monthly basis rather than on a 

daily basis.  

 The underlying assumption in opposing more frequent pay is that households are not able 

to replicate the same consumption levels with smaller more frequent payments as they do with 

larger lump-sum payments. This could occur if households are present-biased and are unable to 

save optimally. In this case, infrequent lump-sum payments act as a commitment mechanism that 

allows households to accumulate savings (Casaburi and Macchiavello, 2019). Inability to equate 

consumption from smaller payments could also occur if households are consuming near 

subsistence levels and, therefore, less likely to substitute consumption through time (Atkenson & 

Ogaki, 1996; Ogaki, Ostry and Reinhart, 1996). Alternatively, the length of time between pay 

receipts may frame a household's decision horizon (i.e., households may be prone to narrow 

choice bracketing; see Read, Loewenstein and Rabin, 1999).  In such a scenario, households 

receiving monthly pay may optimize decisions for the monthly time frame, while those receiving 

weekly or bi-monthly pay may be more likely to optimize decisions within these narrower time 

frames, ignoring possible benefits from incorporating income arriving in subsequent pay periods. 
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 Despite advocate beliefs and household preferences, no studies exist that confirm that 

infrequent lump-sum payments are actually beneficial.1 In the case of U.S. Federal food 

assistance (the Supplemental Nutrition Assistance Program, SNAP2), this is perhaps due to the 

fact that law prevents an increase in benefit issuance frequency (see 7 U.S.C. 2016(g)). In light 

of this, we examine if infrequent lump-sum SNAP benefits increase household purchasing power 

by enabling acquisition of cheaper foods through price-saving shopping activities that require a 

degree of lumpy spending.  

 We first establish that SNAP households obtain food at lower prices when they have 

more benefits on hand. We construct a household-level price index following Aguiar and Hurst 

(2007) using food- purchasing data from the USDA's nationally representative National 

Household Food Acquisition and Purchase Survey (FoodAPS). The price index measures how 

expensive baskets of purchased goods are relative to their contents' average prices. We find that 

households surveyed at the beginning of their benefit month pay prices that are 3.6% lower for 

the same foods than households surveyed at the end of their benefit month, even when we 

control for household demographics and food environments. In fact, we find that SNAP 

households observed at the beginning of their benefit month are the thriftiest of all household 

types, including low-income households who do not receive SNAP benefits.  

 We use two techniques to investigate if infrequent lump-sum benefit receipt enables this 

price savings. First, we examine if households engage in more price-saving shopping activities 

closer to the timing of benefit receipt and if these activities can explain the observed inter-

benefit-month price patterns. Specifically, we examine if and when households engage in store 

                                                
1 Goodman-Bacon and McGranahan (2008) and Adams, Einav, and Levin (2009) both find that low-
income households increase purchases of vehicles during the time of the year that they receive lump-sum 
tax refunds − a once a year event. 
2 SNAP was previously named the Food Stamp Program, but renamed in 2008. 
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cherry picking, volume discounts, and stockpiling − all activities that require the ability to spend 

in a lumpy fashion. Cherry picking refers to purchasing a desired good from the cheapest retailer 

(or at the cheapest time) rather than making all purchases from one store (at one time) (Fox and 

Hoch, 2005). Cherry-picking consumers will make additional store visits if the total value of 

savings from these extra visits exceeds the transaction costs incurred by the additional visits. 

This may require that consumers have the ability to make large enough purchases at these 

additional stores in order to produce the savings that justify the trip. Previous research has found 

that frequency of store visits can explain a significant portion of price differences of foods 

acquired by different households (Aguiar and Hurst, 2007) and that significant opportunities for 

savings exist by cherry picking across even just two stores (Fox and Hoch, 2005).  

 Volume discounts include quantity promotions (e.g., $2 each, 3 for $5) and bulk 

discounts in which larger package sizes are sold at lower per unit prices. Stockpiling occurs 

when consumers purchase a larger volume of goods in response to temporarily lower prices with 

the intent to consume the goods in the future, incurring an inventory cost (Hendel and Nevo, 

2006). As with cherry picking, volume purchasing and stockpiling require consumers to have 

enough funds on hand.  

 We find that households shop significantly more frequently at more unique supermarkets 

and super stores at the beginning of their SNAP benefit month than towards the end of it, which 

could suggest cherry-picking behavior. Similarly, for a given good, we find that households buy 

larger volumes at the beginning of the SNAP month than at the end of the SNAP month, which 

could suggest stockpiling or volume discount purchases. However, we do not find that 

households are more likely to purchase bulk-sized goods at the beginning of the SNAP month 
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than at the end of it. Hence, the inter-month volume changes we observe are due to changes in 

quantities purchased, likely in response to sales, rather than changes in sizes of goods purchased.  

 We find that SNAP households shopping at the beginning of the month pay lower prices 

than SNAP households shopping at the end of the month. They also pay lower prices than low 

and high-income non-SNAP households. We test whether shopping behaviors explain these price 

differences. Indeed, we find that including proxies for store cherry picking, volume discounts, 

and stockpiling into our price regressions completely eliminates the differences in prices 

observed over the SNAP benefit month. Furthermore, these same proxies also explain a large 

portion of the price differences between SNAP and non-SNAP households.  

 Secondly, we investigate whether infrequent lump-sum payments provide households 

greater agency in obtaining food at temporarily lower prices at the beginning of the SNAP month 

than at the end of the SNAP month. To do this, we use store price data to examine what 

households would have paid if they made the exact same purchase from the exact same store 

one, two, or three weeks later. We find that the prices of foods purchased by households 

surveyed at the beginning of the SNAP month increase within 2 weeks of purchase, on average. 

In contrast, we find that the prices of foods purchased by households surveyed at the end of the 

SNAP month decrease or stay the same in weeks following purchase. We confirm that these 

results are not driven by stores systematically offering better deals at the beginning of SNAP 

benefit months by analyzing the prices of store-level Thrifty Food Plans through time. We take 

this as evidence that households have greater agency in obtaining food at temporary discounts 

when they have more benefits on hand. 

  Finally, we document the speed of benefit spending throughout the month in order to 

determine if a policy that splits benefits would be binding for households. We find that at least 
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61% and 89% of households spend more than 50% and 25% of benefits within the first seven 

days in the SNAP month, respectively.  Hence, a policy that would split monthly benefits into 

two or four payments a month (providing 50 and 25% of benefits at the beginning of the SNAP 

month, respectively) would very likely prevent most SNAP households from following their 

current spending patterns, assuming they cannot or will not perfectly substitute cash for SNAP 

benefits. As an exercise, we calculate the upper bound of purchasing power that households 

stand to lose if they are prevented from spending in a lumpy way and we compare it to the upper 

bound of welfare that households stand to gain from perfectly smoothing consumption. We find 

that the possible losses in purchasing power eclipse the possible gains from consumption 

smoothing. This suggests that splitting a monthly benefit into more frequent payments should be 

approached with caution as reductions in household purchasing power could negate the 

effectiveness of the program at achieving its objectives.  

 To the best of our knowledge, this is the first paper to document, quantitatively, the 

benefits of paying households infrequently in lump sums. Our results highlight the tradeoff 

between consumption smoothing and purchasing power produced by pay frequency. It builds on 

the findings of consumer preferences for infrequent lump-sum pay in Casaburi and 

Macchiavello, 2019). This paper also complements other research that analyzes household 

behavior between income receipts (e.g., Stephens, 2003; Wilde and Ranney, 1998; Shapiro, 

2005; Hastings and Washington, 2010; Todd, 2015; Huffman and Barenstein, 2005; Stephens, 

2006; and Zaki, 2016; Dorfman, Gregory, Liu and Huo, 2018).   

 This paper relates to a strand of literature in development economics that studies why 

poor households generally pay more for commodities by not taking better advantage of quantity 

discounts (Rao, 2000; Attanasio and Frayne, 2006; Gibson and Kim, 2011; Mussa, 2015; and 
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Dillon, Weerdt, and O'Donoghue, 2017). This literature typically tests the channel of liquidity 

constraints to explain this finding; our research suggests that investigating a household's ability 

to access lump-sum income payments is also warranted. 

 Our analysis also adds to literature that typically uses scanner or expenditure diary data 

from high-income countries to analyze household shopping behaviors. A subset of these papers 

specifically examines if low-income households pay more for goods than high-income 

households or if they engage in specific price-saving shopping strategies (Beatty, 2010; Broda, 

Leibtag and Weinstein, 2009; Griffith, Leibtag, Leicester and Nevo, 2009). In contrast to the 

findings in development literature, these papers find that low-income households acquire goods 

at lower prices in comparison to their high-income counterparts.3 Since we use FoodAPS data in 

our analysis, we, in contrast to this previous work, can focus analysis on SNAP households, who 

are typically underpowered in other datasets. Furthermore, FoodAPS provides information on 

timing of benefit receipt, enabling us to conduct our main analysis despite the unavailability of 

variation in pay frequency.  

 The rest of the paper is as follows: Section 2 describes the data sets used as well as the 

procedures for creating our variables for analysis. Section 3 presents the analysis procedures and 

their results. Section 4 concludes. 

2 Data and Variables  

2.1 Data 

The main data we use in this paper come from FoodAPS, which collects detailed 

information about household food purchases and acquisitions from a nationally representative 

sample of non-institutionalized households in the contiguous United States. Households enter the 

                                                
3 Banerjee and Duflo (2008) find that, holding income constant, workers in urban areas are more likely 
than workers in rural areas to receive weekly or monthly pay than hourly or daily pay. 
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sample continuously over the survey period (which spans from April 2012 to January 2013) and 

each household records all food purchased and acquired by all members for a seven-day period. 

There are a total of 4,826 households in the survey. 

Since SNAP benefits can only be used to purchase food intended for home consumption, 

we focus analysis on this subset of foods, referred to as food at home (FAH). For FAH, survey 

households provide itemized receipts for purchased food items to identify item prices. 

Households also scan item barcodes so that they can be matched to detailed product descriptions, 

package size information, and product categories through an item-level product dictionary from 

IRI, a market research company. For items purchased by weight, such as fresh produce, meat, 

and seafood, respondents scan a generic barcode in their survey booklet and then provide size 

and quantity information. Each food item that a FoodAPS household reports is matched to a 

USDA foodcode4 and its associated nutrition information. In addition, the Economic Research 

Service classifies items into groups (ERS food groups) related to main food group, form (e.g., 

fresh, frozen, canned), and level of preparation (e.g., shelf-stable and frozen ready-to-cook 

prepared foods).  

Survey respondents provide event-level information, such as store name and location, 

total paid for the whole transaction (including nonfood items and taxes), payment method(s), use 

of coupons, and receipt of store savings. Furthermore, households provide demographic 

information as well as information about food shopping, intake, diet, and health. 

 Aside from data from the main FoodAPS survey, we also utilize data from the FoodAPS 

Geographic Component (GC). The Retail Environment data provides information about each 

                                                
4 USDA foodcodes are 8 digit codes used to classify foods. The first digit identifies the major commodity 
associated with the food, such as 1 for milk and additional digits describe the food (e.g., 11511100 
=‘Milk, chocolate, whole-milk-based’, 21500000 = ‘Ground beef, raw’, and 57123000 = ‘Cereal (General 
Mills cheerios)’). The foodcodes are also grouped into broader food categories. 
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FoodAPS household’s food environment, such as the location of stores and restaurants within a 

20-mile radius. The Weekly Store-Level Food Basket Costs data provides a weekly median and 

10th percentile-price for 29 categories of food that make up the Thrifty Food Plan for each IRI 

store located in or adjacent to a county that is sampled in FoodAPS.  

We also obtain access to weekly store item-level transaction data from IRI, which 

provides revenue and sales quantities for each IRI store within a 20-mile radius of each 

FoodAPS sampling area. This dataset allows us to calculate average item prices in a given week 

in each IRI store.5 

2.2 The SNAP Population and Time in SNAP Month  

 FoodAPS is particularly useful for studying SNAP households. Not only did FoodAPS 

purposefully oversample the SNAP population in order to produce a larger sample size, the 

survey also verified self-reported SNAP participation through probabilistic matches to the 

program’s administrative caseload roster and transaction data, when possible. Survey weights to 

make estimates representative of the population and methods to adjust standard errors are 

provided with the data. These weights are used throughout our analysis.  

 SNAP households receive benefits once a month but on different days in the month based 

on state issuance schedules. In the survey, SNAP households are asked to report the date on 

which they last received SNAP benefits. This is confirmed with administrative records, when 

possible. Though we do not observe households for more than seven days, the continuous entry 

of households into the survey over time allow us to observe households at different points in 

their SNAP month (see Appendix figure 1). 

                                                
5 These IRI stores are a subset of all food stores in the United States, and therefore, a subset of all stores 
that FoodAPS households report shopping at during their survey week. 
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 Of the 1,581 SNAP households in the survey, 1,548 have both an identified SNAP 

benefit day of the month and at least one member reporting on food acquisition events (including 

confirming no food acquisition events). For our main analysis, we split these households into two 

groups based on when they were surveyed relative to their benefit receipt. Specifically, we 

consider any households that have any survey days occurring less than 7 days since benefit 

receipt to be in the first half of the SNAP month. All other households are considered to be in the 

second half of the SNAP month (see Appendix Table 1 for more details on how households are 

assigned into these two groups).  

2.3 Price Index 

 We need a measure that will allow us to compare prices across time (and households) 

despite differing contents of purchases. To do this, we construct a price index following Aguiar 

and Hurst (2007) that compares the actual cost of a household's basket of acquired goods to the 

cost of that basket at the average price of those goods. Specifically, let us denote the average 

price of goods in USDA foodcode 𝑖 ∈ 𝐼 purchased over the seven-day survey period by 

household 𝑗 ∈ 𝐽 living in a given geographic PSU6 𝑔 ∈ 𝐺 by 𝑝!
!,! and the corresponding total 

quantities in grams bought over the same period by 𝑞!
!,!. Then the cost of food bought by 

household 𝑗 over the seven survey days is: 

𝑋!,! =  𝑝!
!,!𝑞!

!,!.
!∈!

 

We calculate average unit price of foodcode 𝑖 in PSU 𝑔, 𝑝!
!, by dividing the estimated total 

money spent on foodcode 𝑖 by all households in PSU 𝑔 by the estimated total grams of foodcode 

                                                
6 There were 50 Primary Sampling Units, made up of counties or groups of counties, selected for the 
FoodAPS sample. 
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𝑖 bought by all households in PSU 𝑔.7 We then use this average unit price to calculate the cost of 

a household's food basket if each good had been purchased at its average local price:  

𝑋!,! =  𝑝!
!𝑞!

!,!.
!∈!

 

We create the price index by dividing actual cost of a household's food basket by the average 

price of a household's food basket: 

𝐼!"#$%
!,! =  𝑋

!,!

𝑋!,! . 

Finally, we normalize the index by dividing by the average price index of all households within 

the same PSU so that the index is centered around 1 for each PSU. A price index above 1 implies 

that a household pays more than average for the goods in its basket and a price index below 1 

implies that a household pays less than average for the goods in its basket.  

 To assure better comparability, we put restrictions on what goods enter the construction 

of the price index. Specifically, we only look at goods in foodcodes that we observe being 

purchased both in the first and second half of the benefit month by survey households that are in 

the same geographic PSU. Furthermore, we only include goods in popular foodcodes, which are 

those that we observe being purchased by at least nine households in each PSU (the 95th 

percentile of observations per foodcode per PSU).  We exclude goods obtained at free events. 

2.4 Volume Indexes 

 Some of the price savings techniques previously mentioned (i.e., quantity promotions, 

bulk size discounts, stockpiling) entail purchasing goods in high volumes. Hence, we require a 

measure that captures households buying goods in high volumes either by buying large quantities 

of the same good or by buying goods in large sizes. We create two volume indexes by following 

                                                
7 We calculate PSU average unit prices from observations of purchases by all households in the PSU and 
not only SNAP households. 
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somewhat similar procedures as those used to create the price index. First, for each foodcode 

included in a household's price index, we take the ratio of the total volume (in grams) of goods 

purchased in that foodcode over the seven-day survey and the corresponding average volume of 

goods purchased in that foodcode by households in the same PSU. We then take the median ratio 

among the foodcodes purchased by a household and assign this value as the value of the volume 

index for this household.8 Again, we normalize the volume index by dividing by the average 

volume index of all households within the same PSU. We repeat this procedure to create another 

volume index using the average volume purchased per foodcode per trip instead of total volume 

per foodcode over the seven survey days. Volume index values greater than 1 imply that 

households buy larger volumes of goods (per trip or over seven-days) than the average household 

do and volume index values less than 1 imply that households buy smaller volumes of goods 

than the average household. 

2.5 Proxies for cherry picking  

 We use a number of measures to proxy for cherry picking. These include the number of 

supermarket or superstore trips made in the survey period, the number of unique supermarkets or 

superstores visited in the survey period, the average number of visits per store over the survey 

period, the share of total weekly expenditures spent at superstores, and the share of expenditures 

spent at supermarkets. In addition, we use the percent that savings is relative to total 

expenditures, the percent of expenditures (before savings) that are on discounted goods, whether 

the household has a shopping event with event-level savings, and the percent of household 

shopping events with event-level savings.   

2.6 Bulk purchases and savings variables 
                                                
8 Instead of taking the median ratio we can also take the weighted average ratio by expenditures. We 
arrive at similar conclusions in our analysis using either measure and prefer to use the median in order to 
avoid including any prices in the creation of volume indexes.  
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 We use the IRI store transaction data to create several variables relating to bulk purchases 

and bulk savings. First, we strip package size information from item descriptions in the IRI 

product dictionary and then identify all barcodes that have the same basic product description. 

We group these like items into larger ERS food groups.9 Following Griffith et al. (2009) and 

Nevo and Wong (2019), we determine the 60th percentile of packages sizes out of unique 

package sizes within each ERS food group to use as the cutoff for determining bulk package 

sizes. We create two household-level variables to measure extent of bulk purchases: percent of 

bought items that are above this size cutoff and percent of expenditures on items that are above 

this size cutoff. 

 Second, we create variables that measure how much more households would spend if 

they exchange larger packages for smaller sizes, holding quantities constant. In other words, how 

much more would they spend if they face the higher unit prices associated with smaller package 

sizes. To do this, we use the barcode item sets derived from the IRI product dictionary described 

in the previous paragraph to determine the largest, median, and smallest package sizes of each 

item available at the FoodAPS household's store of purchase. We then calculate the unit prices 

for each package size in the same week in which the household purchases their large item.10 To 

determine the additional cost of purchasing smaller packages we multiply the total ounces 

purchased by the unit price of the smallest and median packages, sum over all items that are 

                                                
9 We identify the ERS food group associated with each set of items by matching the IRI barcodes to 
barcoded items in FoodAPS that have an ERS food group assigned. 
10 Not all stores that are visited by FoodAPS households appear in IRI, and not all chains in the IRI data 
provide store-level transaction data. For chains that provide item-level transactions aggregated to a market 
area, we determine the package size ranges and unit prices for that chain in the market area where the 
household resides. For all other items (where the exact store or chain is not in the IRI data), we consider 
items sold at all stores in the same secondary sampling unit (SSU, generally a Census Block Group) that 
week, or PSU when there are no observations within the SSU in that week. 
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identified in IRI, and subtract actual cost spent on these items. The share of additional spending 

is computed by dividing the additional cost by the actual total cost of purchasing the items.11 

3 Analysis  

3.1 Differences in demographic characteristics, food environment, shopping, and spending 

across the SNAP benefit month 

 Before analyzing the price patterns across the SNAP month, we first check that 1) 

households observed shopping at the end of the SNAP month do not look different from those 

observed shopping at the beginning of the SNAP month and that 2) households make food 

shopping trips throughout the SNAP month. Table 1 compares demographic and food 

environment outcome variables of SNAP households observed in the first half of the SNAP 

month to those observed in the second half of the benefit month by regressing each variable on 

an indicator for being observed in the first half of the SNAP month.12 The demographic 

composition and geographic food environment of observed households are not significantly 

different depending on when in the benefit month households are observed, with one exception. 

SNAP households, regardless of when they are observed, generally have household sizes of 3 

members, including 1.09 children, 1.71 adults and .74 workers. Around 30% of SNAP 

households live in a rural Census tract and 70% own or lease a vehicle. SNAP households have 

an average monthly income of $2,256 exclusive of SNAP benefits and $2,494 inclusive of SNAP 

benefits. Around 73% of SNAP households choose their primary food acquisition store because 

                                                
11 Any items that were actually purchased in the smallest or median package sizes are included in the total 
spending calculation (the denominator), but their additional cost is zero. In other words, these items do 
not contribute to the numerator. 
12 For consistency, we only include households that we use in our subsequent price index analysis. Hence, 
these are SNAP households that have a price index (because they did shop over their survey period at a 
non-free Food at Home event and bought goods that are included in the price index) and have no missing 
values for any covariates used in the price index analysis.  
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of price. SNAP households have, on average, 0.5 SNAP authorized supermarkets or superstores 

within half a mile of their residence and live, on average, 1.83 miles away from their nearest 

SNAP authorized supermarket or superstore. The only significant difference is that households 

observed shopping in the second half of the SNAP month tend to be composed of more seniors 

than those observed shopping in the first half of the SNAP month. Aguiar and Hurst (2007) find 

that seniors obtain food at cheaper prices than younger households. Hence, this compositional 

difference, if not controlled for, could skew price savings towards the second half of the SNAP 

month.  

 Table 2 examines the probability of shopping at least once during the survey period and a 

number of expenditures measures. About 90% of SNAP households make at least one non-free 

FAH shopping trip in the seven-day survey period, regardless of when they are observed in the 

SNAP month. In other words, it is not only SNAP households surveyed at the start of their 

SNAP month who we observe shopping for food. Moving from the extensive margin to the 

intensive margin, we see in Table 2 that even though it is significantly lower than in the first half 

of the benefit month, seven-day total FAH spending in the second half of the month is not trivial. 

Seven-day conditional FAH spending in the first and second half of the benefit month averages 

$141 and $76, respectively.    

3.2 Price across the SNAP benefit month 

 Having confirmed that households observed in the first half of their benefit month are not 

different from those in the second half of the month, other than in the amount that they spend on 

food, we move on to analyze prices paid across the SNAP benefit month. We first regress each 

household's normalized price index on the indicator for being observed in the first half of the 

SNAP month, including controls for PSU. We see in table 3, column 1 that the price index is 
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significantly lower, by 4.2 percentage points, in the first half of the SNAP month than in the 

second half of the SNAP month. Even if we control for household demographic and food 

environment differences, the price difference is 3.6 percentage points (table 3, column 2). For 

comparison of magnitudes, Aguiar and Hurst (2007) find that older households pay 1.2 to 3.9% 

lower prices than their younger counterparts.  

 We also compare the price index of SNAP households at the beginning of the month to 

lower- and higher-income non-SNAP households. For this analysis, we normalize each 

household’s price index by the average among all households within each PSU and then regress 

the normalized price index on an indicator for household type, controlling for PSU and 

demographic and food environment characteristics. SNAP households observed shopping at the 

beginning of their SNAP benefit month are the thriftiest of all household types. SNAP 

households shopping in the first half of the SNAP month pay 4.3 and 7.4% less than non-SNAP 

households below 185% of the poverty standard and non-SNAP households above 185% of the 

poverty standard, respectively, for the same foods (table 4, column 1). Figure 1 presents the 

average level of the normalized price index for each household type evaluated at the average of 

all covariates. SNAP households observed at all points in the SNAP month have a mean 

normalized price index below 1. This means that SNAP households shopping in the second half 

of the SNAP month, despite not  spending as much funds as in the beginning of the SNAP 

month, still purchase food at prices that are below average. In fact, SNAP households at the end 

of the SNAP month incur prices in line with non-SNAP households that are below 185% of the 

poverty standard.  

 Xinzhe and Beatty (2016) also use the FoodAPS dataset but come to different 

conclusions about the benefit-month price patterns. Our approaches to analysis do differ 



 
 

20 

significantly. First, whereas we assign one price index value to each household (based on the 

basket of goods purchased over the seven-day survey period), Xinzhe and Beatty's main outcome 

variables are price per pound and price divided by average price in a local area for each item 

purchased on a given survey day. They regress these outcome variables on a week-in-benefit-

month indicator variable. Because they include household fixed effects, identification requires 1) 

that households make purchases on multiple days in their seven-day survey period and 2) that 

those days straddle different weeks in the benefit month. If these requirements are not met by 

any survey household, then their observations will not contribute to the main estimate. Further, 

the specification used in Xinzhe and Beatty (2016) treat all items purchased by a household 

equally. In contrast, items in our analysis that correspond to a larger percent of expenditures for a 

household will influence the price index more. Finally, Xinzhe and Beatty include all purchased 

items in analysis. In contrast, we focus on items that are 1) purchased by households throughout 

the benefit month and 2) are frequently purchased within each PSU.  

3.3 The link between lumpy spending and price differences 

How much does shopping behavior explain price differences?  

 We use two approaches to investigate if infrequent lump-sum benefit payments could be 

playing a role in producing these price differences.  First, we examine if households engage in 

more price-saving shopping activities that require a degree of lumpy spending closer to the 

timing of benefit receipt. We then examine if these activities can explain the observed inter-

benefit-month price patterns.  

 Table 5 compares the share of households in each SNAP group that engage in different 

kinds of price-reducing shopping behaviors. At the beginning of the benefit month, SNAP 

households buy goods within the same foodcodes in higher volumes than they do toward the end 
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of their benefit month. Buying first in higher volumes and then subsequently buying in lower 

volumes later in the benefit month may indicate stockpiling behavior or greater responsiveness to 

volume discounts at the beginning of the benefit month. We also see that SNAP households 

make more supermarket and superstore visits at the beginning of the benefit month than at the 

end of the benefit month, visiting more unique stores and making more visits per store. A higher 

frequency of store visits allows for greater opportunity to cherry-pick food items as the set of 

prices that households face grows. We see some signs, at least at the event-level, that more 

households obtain discounts at the beginning of the benefit month than towards the end of the 

benefit month (we examine item-level discounts in our second approach, described below).  

 To explore whether the relatively higher volumes of goods obtained at the beginning of 

benefit month are due to households purchasing goods in larger sizes or by purchasing greater 

quantities of the same goods, we regress the share of expenditures from bulk-size items and the 

percentage of bulk-size items on an indicator for being observed in the first half of the SNAP 

month. Approximately 48% of expenses and 43% of items are bulk-sizes, which we define as 

package sizes that are above the 60th percentile of package sizes in a respective food group 

(table 6, panel A). However, these percentages do not significantly vary depending on when 

households are observed in the SNAP month. We also compare the level of savings from 

purchasing larger-size packages over the benefit month. We find that substituting the unit price 

of smaller package sizes for unit prices of the larger packages actually purchased can increase 

the price of a household's basket of goods by 3 to 11% (table 6, panel B). However, we do not 

see that these price increases vary depending on when a household is observed in the SNAP 
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month. Taken together, this suggests that observed inter-month volume changes are due to 

changes in quantities purchased rather than changes in sizes of goods purchased.13 

 Finally, we test whether these shopping behaviors explain the differences in prices we 

observe over the SNAP benefit month. Including all of our shopping behavior proxy variables 

into our previous price analysis (table 3, column 3) eliminates the difference in the price index 

between those observed at the beginning and end-of the-month SNAP month. We also see that 

the shopping behavior variables explain a large portion of the price differences between SNAP 

and non-SNAP households (table 4, column 2). This suggests that SNAP households use their 

lump-sum benefit to engage in shopping behaviors that produce price-savings.  

Testing for greater agency in obtaining goods on temporary sales 

 The above analysis does suffer from some shortcomings. It requires that shopping 

households observed throughout the benefit month do not differ from each other in ways that 

influence prices beyond what can be explained by our demographic and food environment 

controls. In addition, since the price index is constructed based on average prices within 

foodcodes rather than average prices of items with the same barcodes, it requires that quality of 

purchased goods within foodcodes does not vary across the benefit month.  

We circumvent both of these issues in an analysis of the weekly IRI store item-price data, 

investigating what households would have paid for their basket of goods if they made their exact 

same purchases, from the exact same stores, one, two, or three weeks later. The main objective 

here is to examine when households have greater agency in purchasing goods on sale. We limit 

our analysis to only those items that households purchased during the survey week, that are sold 

at IRI stores, and whose barcodes we could match in the IRI weekly store-level sales data. This 
                                                
13 This is not to say that SNAP households do not engage in bulk-size purchases as a significant source of 
price savings. Outside of timing in the SNAP month, we find that SNAP households do dedicate a higher 
percentage of expenditures to bulk-size purchases than do their higher income counterparts. 
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allows us to avoid any confounding issues relating to differences in household or product 

characteristics.  

 We first create a variable that measures the relative price of each household’s purchased 

basket of goods through time at the store where it was purchased. Specifically, we divide what a 

basket of purchased goods costs at the time of purchase (week 0), and 1, 2 and 3 weeks after 

purchase by its purchase price in week 0. This basket good price always equals 1 in week 0. We 

regress this relative basket price on week-since-purchase indicator separately for household in 

the first half of the month and end of the month, with week 0 as the omitted week. The baskets 

that SNAP households purchase at the beginning of their benefit month increase in price by 1.6 

to 1.7% two and three weeks after purchase, respectively (table 7, panel A, column 1). In 

contrast, baskets purchased later in the benefit month either drop in price or stay at the same 

price levels in subsequent weeks (table 7, panel A, column 2). This suggests that households 

have greater agency in obtaining goods at temporary price discounts when they have more 

benefits on hand.   

 Although there is some evidence that historically retailers may change prices strategically 

over the SNAP benefit month (Hastings and Washington, 2010), we are less concerned that 

retailers drive these results by discounting goods around the time of SNAP benefit receipt since 

most states now distribute SNAP benefits over a wider range of dates over the month 

(ERS/USDA, 2019). Goldin, Homonoff and Meckel (2017) find that retailers indeed do not seem 

to vary prices according to state benefit issuance schedules. To confirm this in our data, we 

examine the price of the weekly Thrifty Food Plan baskets14 in the stores frequented by our 

households, weighted by household expenditures at each store 1, 2 or 3 weeks after purchase. We 

find that no relation exists between general store pricing and timing of SNAP benefit receipt 
                                                
14 We use the 10th percentile Thrifty Food Plan prices in this analysis. 
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(table 7, panel B). The fact that the price of the Thrifty Food Plan at visited stores does not 

change across the benefit month demonstrates that households must engage in more than passive 

shopping in order to systematically choose goods on temporary sales at the beginning of the 

benefit month. It also suggests that they do not persist in that level of shopping effort towards the 

end of the benefit month.  

4 Discussion and Conclusion 

 Our analysis provides evidence that infrequent lump-sum income receipt allows 

households to obtain goods at lower prices. Specifically, we find that SNAP households pay 

lower prices for the same goods closer to when benefits are received as compared to later in the 

benefit month. We also find that price-saving shopping behaviors that require a degree of lumpy 

spending can explain this benefit-month price pattern and that households demonstrate greater 

agency in purchasing temporarily discounted goods closer to when their benefit is received than 

later in the benefit month. This brings to light that pay frequency may produce a tradeoff 

between consumption smoothing and purchasing power. Exogenous variation in pay frequency 

can confirm this tradeoff. In lieu of this, we investigate, in the SNAP setting, whether a policy 

that would split benefits into more frequent payments would be binding for households based on 

their current spending patterns.  

 We find that households who enter the survey on the day of benefit receipt spend on 

average 64% of their benefits over seven days (appendix figure 2). In addition, at least 61% and 

89% of households spend more than 50% and 25% of benefits within the first seven days in the 

SNAP month, respectively (figure 2). Hence, a policy that would split monthly benefits into two 

or four payments a month (providing 50 and 25% of benefits at the beginning of the SNAP 

month, respectively) would likely prevent most SNAP households from following their current 
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spending patterns, assuming they cannot or will not perfectly substitute cash for SNAP benefits. 

And indeed, Hastings and Shapiro (2018) find evidence that households do not substitute cash 

and SNAP benefits in a one-for-one fashion.  

 As an exercise, we calculate the upper bound of purchasing power that households stand 

to lose if they are prevented from spending in a lumpy way. We compare it to the upper bound of 

welfare that households stand to gain from perfectly smoothing consumption, following 

Shapiro’s (2005) approach for the benefits of smooth consumption. Specifically, we estimate 

how much wealth a SNAP household is willing to give up to consume the same calories every 

day of their SNAP month, rather than consuming 0.4% calories less every day as observed in 

Shapiro (2005). Table 8 presents the estimated welfare gains corresponding to various levels of 

household food spending. We see that for monthly food spending ranging from $100 to $500 a 

month, smoothing gains range from $0.06 to $0.30 a month (column 1). If we increase the 

benchmark parameter value for the coefficient of relative risk aversion used in Shapiro (2005) 

from 1 to 5, the upper range typically used in consumption literature (see Laibson, Repetto, and 

Tobacman, 2003), we see that the estimate of gains from consumption smoothing can increase to 

between $0.30 and $1.50 a month (column 2). 

 To calculate the upper bound of purchasing power that households stand to lose if they 

are prevented from spending in a lumpy way we assume that prices incurred at the beginning of 

the SNAP month will increase to the price levels incurred at the end of the SNAP month. We use 

the previous estimates of a 3.6% price difference between purchases at the beginning of the 

SNAP month and purchases at the end of the SNAP month in our calculation of loss of 

purchasing power (see column 2 in table 3). The estimate of the wealth losses from price 
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increases range from $2.16 to $10.80, depending on the level of food spending (table 8, column 

3).  

 Hence, we find that the possible losses in purchasing power eclipse the possible gains 

from consumption smoothing. This suggests that splitting benefit payments into more frequent 

payments should be approached with caution and preceded by testing that includes exogenous 

variation in pay frequency to confirm that purchasing power losses will not be large. 
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Table 1: Comparison of SNAP Household Demographic Characteristics and Food Access 
Environment Across the Benefit Month 

 

Second Half 
of SNAP 
Month 
(mean) 

Difference 
for First 
Half of 
SNAP 
Month 

Observations 

Panel A: Demographics 
Age Primary Respondent 46.99 -2.31 1234 

  (1.79)  
    HH Size 3.00 0.05 1234 

  (0.16)  
    # Children 1.09 0.07 1234 

  (0.12)  
    # Adults 1.71 0.08 1234 

  (0.09)  
    # Seniors 0.25 -0.09** 1234 

  (0.04)  
    # Workers 0.74 0.05 1234 

  (0.07)  
    Rural Census Tract 0.30 -0.01 1234 

  (0.04)  
    Owns/Leases Vehicle 0.69 -0.01 1234 

  (0.03)  
    Monthly HH Income 2256.52 -177.65 1234 

  (254.01)  
    Monthly HH Income + SNAP benefit 2494.07 -182 1234 

	 	
(248.63) 

		 	  	Primary Store Reason: Price 0.73 0.06 1234 

	 	
(0.05) 

	 
Panel B: Food Access Environment 

# SNAP Authorized Supermarkets/ Superstores <0.5 miles 0.50 0.10 1234 

  
(0.08) 

 Miles to Nearest SNAP Authorized Supermarket/Superstore 1.83 0.34 1234 

  
(0.77) 

 Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. 
Survey weights applied in estimation and standard errors (in parentheses) adjust for complex 
survey design. * indicates that p<0.10, ** p<0.05; *** p<0.01. First Half of SNAP Month = at 
least one survey day occurs less than 7 days since SNAP was last received. Households that do 
not have a price index (because they did shop over their survey period at a non-free Food at 
Home event and bought goods that are included in the price index) and/or who have missing 
values for any covariates used in the price index analysis are excluded. 
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Table 2: Shopping and Spending Across the SNAP Month 

		

Second 
Half of 
SNAP 
Month 
(mean) 

Difference 
for First 
Half of 
SNAP 
Month 

Observations 

Probability of at Least One Store Visit 0.90 -0.00 1548 
	 	 (0.04) 	
	 	  	
Probability of at Least One Non-free Store Visit 0.88 0.02 1548 
	 	 (0.04) 	
	 	 	 	
Total seven-day conditional spending at FAH events  76.18 64.97*** 1412 
	 	 (5.56) 	
	 	 	 	
Total seven-day conditional benefit spending at FAH events 29.03 59.63*** 1412 
	 	 (6.30) 	
	 	 	 	
Total seven-day conditional spending at FAH eventsa 85.22 67.22*** 1234 
	 	 (4.93) 	
	 	 	 	
Total seven-day conditional benefit spending at FAH eventsa 35.24 62.03*** 1234 

	 	 (7.20) 	
Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. 
Survey weights applied in estimation and standard errors (in parentheses) adjust for complex 
survey design. * indicates that p<0.10, ** p<0.05; *** p<0.01. First Half of SNAP Month = at 
least one survey day occurs less than 7 days since SNAP was last received. 
a. = sample limited to households used in later price analyses. 
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Table 3: Household Price Index Normalized by Mean Price Index Among All SNAP 
Households in Each PSU 
  (1) (2) (3) 
First Half of SNAP Month -0.042*** -0.036*** 0.002 
  (0.004) (0.003) (0.002) 
Observations 1234 1234 1234 
Demographics/Food Environment Controls No Yes Yes 
Shopping Behavior Proxies No No Yes 

Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. Survey 
weights applied in estimation and standard errors (in parentheses) adjust for complex survey design. 
* indicates that p<0.10, ** p<0.05; *** p<0.01. Current SNAP households who report obtaining food 
from a retail store are included and have a date of last SNAP receipt are included. First Half of SNAP 
Month = at least one survey day occurs less than 7 days since SNAP was last received. 
 
 
 

 
Table 4: Household Price Index Normalized by Mean Price Index 
Among All Households in Each PSU 
  (1) (2) 
SNAP HH: Second half of SNAP Month 0.042*** 0.002 
  (0.004) (0.003) 
      
Non-SNAP HH: <185% Poverty 0.043*** 0.012** 
  (0.005) (0.006) 
      
Non-SNAP HH: >185% Poverty 0.074*** 0.057*** 
  (0.006) (0.006) 
Observations 3709 3709 
Demographics/Food Environment Controls Yes Yes 
Shopping Behavior Proxies No Yes 

Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. Survey 
weights applied in estimation and standard errors (in parentheses) adjust for complex survey design. All 
specifications include a control for PSU. Demographic controls include primary respondent age, 
household size, number of children, number of adults, number of seniors, number of workers, an indicator 
for being in a rural Census tract, an indicator for owning or leasing a vehicle, total monthly household 
income, total monthly SNAP benefit, and an indicator for whether the household chose its primary store 
because of price. Food Environment controls include the number of SNAP-authorized supermarkets and 
superstores within 0.5 miles, and the miles to the nearest SNAP-authorized supermarket or supercenter. 
Shopping behavior proxies include: the seven-day volume index, the event volume index, the number of 
supermarket/superstores visits in the week, the number of unique supermarkets/superstores visited, the 
share of expenditures in the week at a superstore, the share of expenditures at a supermarket, total dollars 
saved as a percent of total expenditure, percent of expenditures on sale items, and indicator for having 
event-level savings, and the percent of events with event-level savings. 
* indicates that p<0.10, ** p<0.05; *** p<0.01. Second half of SNAP Month = no days during survey 
occurred within 7 days since SNAP was last received. 
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Table 5: Proxies for Price-saving Shopping Behaviors 

		

Second 
Half of 
SNAP 
Month 
(mean) 

Difference 
for First 
Half of 
SNAP 
Month 

Observations 

Seven-day Volume Index 0.93 0.13*** 1234 

  
(0.01) 

 Event Volume Index 0.94 0.13*** 1234 

  
(0.01) 

 # Supermarket/Superstore Visits 2.19 0.32*** 1234 

  (0.11) 
	# Unique Supermarkets/Superstores Visited 1.54 0.13* 1234 

  (0.07) 
	Visits per Supermarket/Superstore  1.02 0.17*** 1234 

  (0.05) 
	Share of seven-day expenditures at Superstore 0.42 0.02 1234 

  (0.03) 
	Share of seven-day expenditures at Supermarket 0.38 -0.01 1234 

	 	
(0.04) 

	Savings Percent 0.05 -0.01 1234 

  (0.01) 
	% of Expenditures on sales items 0.18 -0.03 1234 

  (0.02) 
	Households with event-level savings 0.11 0.08** 1234 

  (0.04) 
	% of Events with event-level savings 0.05 0.03* 1234 

		 		 (0.02) 		
Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey.  
Survey weights applied in estimation and standard errors (in parentheses) adjust for complex 
survey design. * indicates that p<0.10, ** p<0.05; *** p<0.01. Current SNAP households who 
report obtaining food from a retail store are included and have a date of last SNAP receipt are 
included. First Half of SNAP Month = at least one survey day occurs less than 7 days since 
SNAP was last received. 
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Table 6: Bulk Purchases and Savings 
 

Panel A: Bulk Purchases 
		 (1) (2) 

		

% of IRI Expense 
from Above 60 
Percentile Sizes 

% of IRI Items from 
Above 60 Percentile 

Sizes 
First Half of SNAP Month -0.015 -0.035 
  (0.030) (0.031) 
      
cons 0.483*** 0.433*** 
  (0.022) (0.021) 
Observations 1157 1157 

 
 

Panel B: Bulk Savings 

 
(1) (2) 

  

Purchased First 
Half of SNAP 

Month 

Purchased 
Second Half of 
SNAP Month 

For replacing relatively larger items with smallest sizes 0.108*** 0.117*** 

 (0.012) (0.031) 

 
  

For replacing relatively larger items with median sizes 0.054*** 0.066*** 

 (0.007) (0.020) 

   
For replacing largest sizes with small sizes 0.054*** 0.049*** 

 (0.009) (0.012) 

   
For replacing largest sizes with median sizes 0.030*** 0.042*** 
  (0.005) (0.012) 

Observations 345 372 
Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. Survey 
weights applied in estimation and standard errors (in parentheses) adjust for complex survey design. * 
indicates that p<0.10, ** p<0.05; *** p<0.01. Current SNAP households who report obtaining food from 
a retail store are included and have a date of last SNAP receipt are included. Panel B only includes 
households whose IRI purchases have total value greater than $10.
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Table 7: Prices in Subsequent Weeks 
 

Panel A: Prices of Purchased Goods in Subsequent Weeks 
  (1) (2) 

  

Purchased First Half of 
SNAP Month 

Purchased Second Half of 
SNAP Month 

t+1 week -0.004 -0.016** 
  (0.009) (0.006) 
      
t+2 weeks 0.017** 0.003 
  (0.007) (0.006) 
      
t+3 weeks 0.016* 0.007 
  (0.008) (0.008) 
Observations 1156 1172 

    
  
 

Panel B: Price of Thrifty Food Plan in Subsequent Weeks 
  (1) (2) 

  

Purchased First Half of 
SNAP Month 

Purchased Second Half of 
SNAP Month 

t+1 week 0.002 0.007 
  (0.004) (0.006) 
      
t+2 weeks 0.001 0.002 
  (0.003) (0.004) 
      
t+3 weeks -0.003 0.008* 
  (0.004) (0.004) 
Observations 1732 2052 

Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey.  
Survey weights applied in estimation and standard errors (in parentheses) adjust for complex 
survey design. * indicates that p<0.10, ** p<0.05; *** p<0.01. In Panel B, used low-priced 
Thrifty Food Plan from the FoodAPS Geography Component Weekly Store-Level Food Basket 
Costs data. 
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Table 8: Maximum Gains and Losses from Eliminating Lump-sum Spending 

  

Welfare Gain from increased 
consumption smoothing Maximum Welfare Loss from higher prices 

 (1) (2) (3) 

Food Spending ρ=1 ρ=5 3.6% Price Increase on three fifths of spending 

$100  $0.06  $0.30  $2.16  
$200  $0.12  $0.60  $4.32  
$300  $0.18  $0.90  $6.48 
$400  $0.24  $1.20  $8.64  
$500  $0.30  $1.50  $10.80  

Note: Values in Columns 1 and 2 based on procedures outlined in Shapiro (2005), estimating how much 
wealth a SNAP household is willing to give up to consume the same calories every day of their SNAP 
month, rather than consuming 0.4% calories less every day (see Shapiro, 2005). Column 2 assumes the 
value for the coefficient of relative risk aversion is 5, the upper range typically used in consumption 
literature (see Laibson, Repetto, and Tobacman, 2003). Column 3 assumes a 3.6% price difference 
between purchases at the beginning of the SNAP month and purchases at the end of the SNAP month. 
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Figure 1: Average Normalized Price Index by Respondent Type   
(Evaluated at means of covariates) 

 
Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. 
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Figure 2:  
Panel A: % of Households Spending more than 50% of Benefits over Seven Survey Days  

(Unconditional on spending) 

 
 

Panel B: % of Households Spending more than 25% of Benefits over Seven Survey Days  
(Unconditional on spending) 

 
 
Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. 
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APPENDIX 
 

Appendix Table 1: Assigning Time in Benefit Month 

  
Day of month of first day of survey that 

would assign household to...  

Day of month of 
SNAP benefit 

receipt 

first half of 
benefit month 

second half of 
benefit month 

1 25 - 30, 1 - 7 8 - 24 
2 26 - 30, 1 - 8 9 - 25 
3 27 - 30, 1 - 9 10 - 26 
4 28 - 30, 1 - 10 11 - 27 
5 29 - 30, 1 - 11 12 - 28 
6 30, 1 - 12 13 - 29 
7 1 - 13 14 - 30 
8 2 - 14 1, 15 - 30 
9 3 - 15 1 - 2, 16 - 30 

10 4 - 16 1 - 3, 17 - 30 
11 5 - 17 1 - 4, 18 - 30 
12 6 - 18 1 - 5, 19 - 30 
13 7 - 19 1 - 6, 20 - 30 
14 8 - 20 1 - 7, 21 - 30 
15 9 - 21 1 - 8, 22 - 30 
16 10 - 22 1 - 9, 23 - 30 
17 11 - 23 1 - 10, 24 - 30 
18 12 - 24 1 - 11, 25 - 30 
19 13 - 25 1 - 12, 26 - 30 
20 14 - 26 1 - 13, 27 - 30 
21 15 - 27 1 - 14, 28 - 30 
22 16 - 28 1 - 15, 29 - 30 
23 17 - 29 1 - 16, 30 
24 18 - 30 1 - 17 
25 1, 19 - 30 2 - 18 
26 1 - 2, 20 - 30 3 - 19 
27 1 - 3, 21 - 30 4 - 20 
28 1 - 4, 22 - 30 5 - 21 
29 1 - 5, 23 - 30 6 - 22 
30 1 - 6, 24 - 30 7 - 23 

Note: This guide is for 30-day months. Actual assignment 
based on actual length of months. 
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Appendix Figure 1: 
Distribution of Days Between Last Benefit Receipt and First Day of FoodAPS Survey 

 
Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. 

 
 
 
 

Appendix Figure 2: % of SNAP Benefits Used over Seven Survey Days   
(Conditional on having positive spending) 

 
Note: Authors’ calculations using data from the National Food Acquisition and Purchase Survey. 
 


